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Fast Single-image Super Resolution Technique Based on Local Linear Embedding
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Abstract: The goal of single-image super-resolution is to generate a super-resolution image based on a given
low-resolution input. It is an ill-posed and under-determined problem that requires exemplars or priors to re-
construct the missing high-frequency details. In this paper, a fast single-image super-resolution technique
based on local linear embedding is proposed. Firstly, this method uses a large number of natural images to
establish a sample training library of high- and low-resolution image blocks. Secondly, the clustering algo-
rithm is used to cluster the high- and low-resolution image blocks with similar properties. Thirdly, the map-
ping function between the low- and high-resolution images is studied by sample training based on local li-
near embedding techniques. Finally, the high-resolution image is reconstructed by using the mapping func-
tion. The experimental results show that such an algorithm can reconstruct high-resolution high-quality im-

ages fast and efficiently.
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